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Short-term Wind Power Forecasting Based on Elman Neural Network and Measured
Wind Speed Power Data

WANG Yijun, JIA Rong
(Institute of Water Resources and Hydro-electric Engineering, Xi’an University of Technology, Xi’an 710048, China)

Abstract: In order to improve the precision of forecasting wind power, a short-term wind power forecasting
method based on Elman neural network and measured wind speed power data is proposed. The wind power
curve of wind turbine can be fitted with the measured data of wind speed and power, which can be
applied to short-term wind power forecast. The forecasting method based on Elman neural network is built,
and GA is applied to optimize the key parameters of Elman neural network. Finally, the wind power
prediction is carried out combining the forecasting wind speed and the fitting wind speed power curve. The

proposed model is validated by applying this modeling process to the measured data.
Key words: Elman neural network; short-term wind power prediction; wind power curve; GA
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Fig. 1 Framework of Elman neural network
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Fig. 2 Framework of GA-Elman neural network
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Table 1 The parameters of fitting functions
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Fig. 5 Short-term wind power prediction results based on
wind power curve
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Elman neural network
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